





audit and regulate. This lack of transparency is the reason many call decision-making algorithms “black
box™ algorithms.’

Artificial Intelligence in Banking

Lending: The fundamental reason for banking is loan making. A bank gathers savings from depositors,
and then lends this money to borrowers, such as through a business loan or a mortgage. Information is
critical to loan-making decisions. The ability to repay turns on the income of a person or business, which
also depends on other circumstances, such as market forces, including employment, changing appetites
for a business’ product or its competition. These simple circumstances are often subject to conjecture. Al
can enhance these decisions by absorbing large amounts of data and detecting patterns that might
anticipate changing circumstances. Information technology departments now figure prominently at most
businesses.

Discrimination against certain classes, such as minorities or women has festered in the banking industry
for decades. Multiple laws forbid such discrimination. Al, in its best use, could combat this problem. For
example, a pharmaceutical industry consultant who is African American applied for a mortgage from a
conventional lender and was rejected. She thought this might have been due to a number of factors
including her race, gender, or perhaps her uneven consulting income or relatively low credit rating. She
then discovered a digital lending platform online and secured the loan. This platform drew on a number of
data points from the applicant.® This broader understanding of her creditworthiness, and arguably the
absence of human bias, may have been the difference. One study found that online lenders using
algorithms discriminated 40 percent less compared to face-to-face lenders in loan pricing. (While the
researchers found less discrimination, the loan prices for Latinx and African American mortgage
applicants were higher than the average for these online lenders. Forty percent less is not 100 percent
less.)’

Al promises to widen access to credit where traditional credit rating-based information can frustrate loan-
making. The Consumer Financial Protection Bureau (CFPB) estimates that 45 million Americans lack
access to mainstream credit because they have insufficient, outdated, or no credit history. Traditional
decision-making tools used to assess credit risk can be ineffective and disproportionately harm people of
color.® Alternative data or modeling techniques “...could increase access to credit for that population by
providing more information about them and enabling them to be reliably scored,” according to the CFPB.
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For example, some individuals may lack a history of paying an installment loan, but might be a stable
payer of other bills, such as a mobile phone, from which Al could learn to glean.’ But these methods have
not yet proven effective in reducing bias and improving fairness. Nevertheless, one study found that both
in-person and online lenders charge Latinx and African American borrowers 6 to 9 basis points in higher
interest rates. (A basis point is 1 percent of 1 percent.)!

Algorithmic bias, however, poses a serious problem. For example, Amazon applied Al to help it review
resumes for job applicates in an attempt to identify the most desirable candidates. It focused on education
and skills and related these to recently hired employees.!! But the algorithms began to discriminate
against women because the earlier hires that populated the algorithm data were largely male. Proxies such
as women’s colleges or women-only clubs, or even the absence of “male” words such as “executed” or
“captured” on the resume resulted in proportionally fewer women identified for interviews. Amazon
reportedly scrapped the experiment. 1213 Amazon’s retreat from this experiment may have resulted when it
discovered an identifiable set of proxies. For banking, where the proxy is not identifiable for
discrimination, regulators should consider banning the particular firm from using Al in credit decisions.

In financial services, Apple introduced its own credit card, called AppleCard in 2019. One couple found
that while applying for the card, the man was offered a spending limit 20 times higher than that of the
woman.'* Notably, the couple submitted similar information from their shared tax returns; the woman
actually reported a higher credit score. Goldman Sachs, the bank issuing the AppleCard, denied that the
algorithm determining credit scores is biased. Instead, the bank defended itself with the claim that the
algorithm had been audited by a third-party and did not use gender as a decision-making factor.'’
Goldman Sachs’s defense, however, may reveal another problem with Al, namely that the absence of
explicit gender-based decisions may mask less obvious proxies that result in the same discrimination.

The use of additional data can also embed discrimination, since bias pervades society and presumably the
resulting data.

Ultimately, as with Apple, the results from Al-based lending should be measurable. Home Mortgage
Disclosure Act (HMDA) data and other sources can test the results of Al lending. Even before
discrimination emerges, though, regulators should inspect the Al algorithms to determine what data may
be responsible for discrimination. For individuals, the Equal Credit Opportunity Act (ECOA), requires
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creditors to notify an applicant of the principal reasons for taking adverse action for credit or to provide
an applicant a disclosure of the right to request those reasons. Ideally, this can guard against credit proxies
that lead to discrimination. Where some proxies may not be obvious, banking agencies should subject
financial institutions” Al to rigorous study.

One technique to address this may be “adversarial debiasing.” As explained by one Al expert, “It pits two
machine learning models against each other: the first model predicts creditworthiness and the second one
tries to predict the race, gender, or other potentially-protected class attributes of the applicant scored by
the first model. Competition in this game drives both models to improve their methods until the predictor
can no longer distinguish the race or gender outputs of the first model, resulting in a final model that is
accurate and fair,”'°

AT’s promise can also be its hazard, namely, that the algorithms aren’t stagnate. The decision tree that led
to a rejection for one applicant may be different than a rejection for another because of machine learning.
This may be an intractable problem. We welcome the agencies’ acknowledgement of this problem in their
discussion of “dynamic updating.” As noted, “Dynamic updating techniques can produce changes that
range from minor adjustments to existing elements of a model to the introduction of entirely new
elements.”"’

Bank trading: Beyond interactions with individual customers, Al plays a prominent role in risk
management and trading. With trillions of dollars in assets, the size of the nation’s largest banks presents
an enormous vulnerability to the economy should they fail to manage risk well. The 2008 financial crash
followed massive fraud in what should have been tightly managed risk assessment for mortgage-making
and securitization. Actions brought by the Department of Justice revealed willful disregard for common
quality control measures, such as ensuring borrowers’ ability to repay on a flood of new mortgages.'® Al
and better technological oversight may not have provided a solution to a future similar situation given the
overriding frauds at issue in the 2008 crash. But such Al oversight, when reviewed by alert federal
agencies could perhaps help to prevent the next crash.

The Dodd-Frank Wall Street Reform and Consumer Protection Act restricted banks from engaging in
proprietary trading under Section 619, colloquially known as the Volcker Rule. The rule still permits
market making. It also permits banking institutions to partner with hedge funds and other investment
firms through prime brokerage, which offers loans and low-cost trading services. Even prime brokerage
can be risky, as evidenced by the recent implosion of Archegos Capital Management. Archegos secured
billions of dollars in loans from a series of banks then made investments that proved fatal. That left a
number of major banks with billions in losses.!” Whatever machine learning these banks deployed to
monitor their credit risk failed.
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trading algorithms themselves. To date, regulation has focused mainly on steps to prevent another flash
crash including herding behavior.?” But regulators should be able to inspect the computer models as well.

Robo advisors: Robo-advisers are a type of financial adviser that provide investment advice with
minimal or even no human intervention. These are automated, algorithmically driven services that help
identify arguably sound investment opportunities for individuals. Robo-advisers can reduce costs, reduce
conflicts of interest, and advantage a broader range of information than a human advisor.?® But robo-
advisors could be programed to promote certain products that generate a higher commission for the
platform sponsor, a problem endemic in the investment sector. Again, transparency overseen by
regulators is key to preventing abuse by this type of Al

Regulating Artificial Intelligence

Better understand harms and causes.

Transparency. As noted throughout this comment, the foundational policy required to promote
the advantages of Al while guarding against problems such as discrimination, conflicts of
interest, inadequate risk management and other problem areas within the financial services will be
transparency. Public Citizen supports the Universal Guidelines for Artificial Intelligence, which
should be codified into law. ?° The Guidelines are intended to maximize the benefits of Al,
minimize the risk, and ensure the protection of human rights. As the guidelines explain, “Modern
data analysis produces significant outcomes that have real life consequences for people in
employment, housing, credit, commerce, and criminal sentencing. Many of these techniques are
entirely opaque, leaving individuals unaware whether the decisions were accurate, fair, or even
about them.” Transparency must be the founding principle. That will allow independent
accountability for automated decisions so that an individual can understand the basis for an
adverse determination.

Explainability. In addition to these principles, Al must be “explainable.” It is one thing for an
algorithm to be presented, and another for it to be understood. This is especially problematic for
average citizens who may not be conversant with complex decision trees that underpin Al
Regulators should consider issuing standards of explainability for financial institutions using Al
For example, we might require explanations to conform to a consistent template of terms and
organization, not unlike U.S. Securities and Exchange Commission (SEC) filings, which
exemplify consistent templates.

FTC 6(b) studies. The Federal Trade Commission can and should commission studies through
its authority in section 6(b) of the Federal Trade Commission Act to further explore
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discriminatory commercial practices underlying algorithms in lending, bank trading, high
frequency trading, and robo advisors. Findings of these studies related to the relevant commercial
firms, makeup and use of algorithms, development process for algorithms, scale of impact on
consumers and markets, and harms on communities of color in particular, should help inform
future government regulation.

Create new rules for the road.

Impact assessments. Public Citizen also recommends that regulators issue guidance to financial
institutions to complete algorithmic impact assessments (AIAs). Al Now, a research institute
examining the social implications of Al, has published a framework the government could follow:

o “Agencies should conduct a self-assessment of existing and proposed auromated decision
systems, evaluating potential impacts on fairness, justice, bias, or other concerns across
affected communities.

e Agencies should develop meaningful external researcher review processes to discover,
measure, or track impacts over time.

e Agencies should provide notice to the public disclosing their definition of “automated
decision system,” existing and proposed systems, and any related self-assessments and
researcher review processes before the system has been acquired.

e Agencies should solicit public comments to clarify concerns and answer outstanding
questions; and

o Governments should provide enhanced due process mechanisms for affected individuals
or communities to challenge inadequate assessments or unfair, biased, or otherwise
harmful system uses that agencies have failed to mitigate or correct.”

Update existing law. James Allen in the Fordham Law Review suggests updating existing law
and regulation created to prevent analogue methods of discrimination, so that they extend to
modern methods of both unintended and intended discrimination.’! For example:

¢ The CRA could be updated to apply beyond banks and their locale. Rather, Allen proposes
amendments to the act to apply to all online lending institutions, and not just geographic
locale.

¢ The ECOA could be amended to include a provision that requires lenders to disclose the
exact metrics or data points they use to generate scores or interest rates.

¢ Credit card companies, credit reporting bureaus, and mortgage lenders should be required
to disclose the data inputs they use to formulate credit scores and mortgage rates.

Antidiscrimination disparate impact claims. While Al has the potential to improve financial
products and services, regulators must combat against unintended consequences that lead to
discrimination in credit, lending, and banking against low-income communities and people of
color, who have historically been discriminated against in financial services. The agencies should
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